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Mixture of two normal distributions
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. fmm 3: regress thickness

Fitting class model:

Iteration o: (class) log likelihood = -532.8249
Iteration 1: (class) log likelihood = -532.8249
Fitting outcome model:

Iteration 0: (outcome) log likelihood = 1949.1228
Iteration 1: (outcome) log likelihood = 1949.1228
Refining starting values:

Iteration 0: (EM) log likelihood = 1396.8814
Iteration 1: (EM) log likelihood = 1404.8995
Iteration 2: (EM) log likelihood = 1412.4626
Iteration 3: (EM) log likelihood = 1416.9678
Iteration 4: (EM) log likelihood = 1419.0044
Iteration 5: (EM) log likelihood = 1419.0582
Iteration 6: (EM) log likelihood = 1417.9719
Iteration 7: (EM) log likelihood = 1416.4213
Iteration 8: (EM) log likelihood = 1414.8176
Iteration 9: (EM) log likelihood = 1413.3462
Iteration 10: (EM) log likelihood = 1412.0695
Iteration 11: (EM) log likelihood =  1410.992
Iteration 12: (EM) log likelihood = 1410.0961
Iteration 13: (EM) log likelihood = 1409.3574
Iteration 14: (EM) log likelihood = 1408.7518
Iteration 15: (EM) log likelihood = 1408.2578
Iteration 16: (EM) log likelihood = 1407.8564
Iteration 17: (EM) log likelihood = 1407.5315
Iteration 18: (EM) log likelihood = 1407.2694
Iteration 19: (EM) log likelihood = 1407.0695
Iteration 20: (EM) log likelihood = 1406.9013
note: EM algorithm reached maximum iterations.
Fitting full model:

Iteration O: log likelihood 1516.5252

Iteration 1: log likelihood 1517.1348 (not concave)
Iteration 2: log likelihood 1517.8203 (not concave)
Iteration 3: log likelihood 1518.153

Iteration 4: log likelihood 1518.6491

Iteration 5: log likelihood 1518.8474

Iteration 6: log likelihood 1518.8484

Iteration 7: log likelihood 1518.8484
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Finite mixture model Number of obs = 485
Log likelihood = 1518.8484
Coefficient Std. err. z P>|z| [95% conf. interval]
1.Class (base outcome)
2.Class
_cons .6410696 .1625089 3.94 0.000 .3225581 .9595812
3.Class
_cons .8101538 .1493673 5.42 0.000 .5173992 1.102908
Class: 1
Response: thickness
Model: regress
Coefficient Std. err. z P>|z| [95% conf. interval]
thickness
_cons .0712183 .0002011 354.20 0.000 .0708242 .0716124
var(e.thick~s) 1.71e-06  4.49e-07 1.02e-06 2.86e-06
Class: 2
Response: thickness
Model: regress
Coefficient Std. err. z P>|z| [95% conf. interval]
thickness
_cons .0786016 .0002496 314.86 0.000 .0781123 .0790909
var(e.thick~s) 5.74e-06  9.98e-07 4.08e-06 8.07e-06
Class: 3
Response: thickness
Model: regress
Coefficient Std. err. z P>|z| [95% conf. interval]
thickness
_cons .0988789 .0012583 78.58 0.000 .0964127 .1013451
var(e.thick~s) .0001967 .0000223 .0001575 .0002456
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1
_ ~0.19
= 1 ¥ exp(0.64) + exp(0.81)

exp(0.64)

_ ~ 0.37
T2 = 1+ exp(0.64) + exp(0.81)

B exp(0.81)
3 =1+ exp(0.64) + exp(0.81)

~ 0.44
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. estat lcprob

Latent class marginal probabilities Number of obs = 485
Delta-method
Margin std. err. [95% conf. interval]
Class
1 .1942968 .0221242 .1545535 .2413428
2 .3688746 .0286318 .3147305 .4265356
3 .4368286 .027885 .383149 .49203
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0.19 x N(0.071,0.0000017) + 0.37 x N(0.079,0.0000057) + 0.44 x N(0.099,0.0001967)
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predict den, density marginal

histogram thickness, bin(80) addplot(line den thickness)
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Density
Predicted density (thickness)
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TIRAUN=2y TORREROFRZER LT, BNFORT 7 RXIEBT 2HEXE
FMTEET, [ELOIC predict A~ Y FTEERBES 7 REXROHHREL pri. pr2.
pr3 Z{ERL L £9 (=help fmm postestlmatlon E28), INSOERILTAILREA
—FZFERLTpr* B ZENTEXT, RICEH pr*D 7+ —< v b ZEERIUER
A DHTEA T, DB 3 HTICEE L £ (éhelp format #Z88), RBICEMK
thickness & Z# pr*®D 1 ITHORNARZFRL ET,

predict pr*, classposteriorpr

format %4.3f pr*

list thickness pr* in 1, abbreviate(10)
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thickness pri pr2 pr3

1. .06 0.000 0.000 1.000

HEBEAS T—REy PO 1LTEICEBINTWAYFDOEES. K21 70523 (B
K ICET X1 TT,

ETNVICEAZEN LW, BREXIHEDOESOYFTALTHY . ROL SIS
Y ET,
thickness pri pr2 pr3
.06 0.000 0.000 1.000
.064 0.000 0.000 1.000
.066 0.001 0.000 0.999
.066 0.026 0.000 0.974
.068 0.723 0.001 0.276
.069 0.915 0.001 0.083
.07  0.960 0.002 0.037
.071  0.965 0.007T 0.028
072 0.937 0.026 0.037
.073 0.789 0.134 0.076
.074 0.335 0.525 0.140
.075 0.038 0.838 0.123
.076  0.002 0.910 0.088
077  0.000 0.930 0.070
.078 0.000 0.936 0.064
.079 0.000 0.930 0.070
.08 0.000 0.912 0.088
.081  0.000 0.871 0.129
.082 0.000 0.788 0.212
.083 0.000 0.635 0.365
.084 0.000 0.406 0.594
.085 0.000 0.185 0.815
.086 0.000 0.060 0.940
.087 0.000 0.015 0.985
.088 0.000 0.003 0.997
.089 0.000 0.001 0.999
.09-,131  0.000 0.000 1.000
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fmm 3: glm thickness, family(lognormal)
(FERER)
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Mixture of normals
Mixture of lognormals
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thickness pri pr2 pr3

.06 .889 0 A11
.064 .992 0 .008
.065 .994 0 .006
.066 .996 0 .004
.068 .997 0 .003
.069 .997 0 .003
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